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Abstract Boosting is an effective method for improving thd accuracy of any given learning algorithm,which generate
multiple versions of a hypothesis and combine them to create an aggregate hypothesis, This paper first introduces the
problem framework of Boostinig:PAC learning model,and Online prediction model ;a similar algorithm with boosting
but with great help for boosting’ s research. Besides,if also introduces and analysis the algorithm of adaboost itself,as

well as its parameters and week hypotheses’selection.
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