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Abstract A data mining (DM )process involves multiple stages. A simple,but typical,, process might include prepro-
cessing data,applying a data-mining algorithm,and visualizing the mining results. There are many possible choices for
each stage,and only some combinations are valid. Therefore,both novices and data-mining specicalists could overlook

some important, potentially fruitful optionos. In this paper,we introduce how to create the ontology of data mining

methods in order to facilitate the choice of DM processes to execute.
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