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Study of Video Semantic-concept Classifier with Multi-normal Distribution Attribute
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Abstract Attributes with multi-normal distribution are common in classifier design for video-semantic concept. In this
case, a model assuming that the value of attributes for each class is normally distributed with some mean will lead to
poor classification performance, In the paper, an approach based on fixed-length combination partition algorithm (FLC-
PA) is presented in the partition of attribute value-field. Leave-one-out cross-validation (LLOOCYV) is used to estimate
classifier error. In addition, the detail of classifier design about multi-normality distribution attribute is given, The re-
sult of experiment indicate the method could reduce classifier error and improve classifier performance.
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A BER Model for Turbo Code on AWGN Channel

FENG Bin LIU Wen-Yu ZHU Guang-Xi MA Zhan
(Wuhan Optical-Electronic National Laboratory, Huazhong Univ. of Sei. & Tech. Wuhan 430074)

Abstract Bit error rate(BER) characteristics is researched in this paper under the influence caused by the channel
codes and channel statistic. Using mathematic tool such as curve fitting etc, , an empirical model on BER is derived on
the basis of extensive experiments, The channel model used is AWGN channel . Turbo codes are used as channel codes.
Given certain channel statistic and parameter set, the BER in receiver end can be estimated in sender end using this
model. Extensive experimental results demonstrate that this model bears high accuracy, whose average error is around
3%, thus can be used in joint source-channel coding and end-to-end rate-distortion optimizatior.

Keywords Turbo codes, Empirical model, Curve fitting, BER
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