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belief network method is

Felief network is a method of uncertainty management, proposed re-
cently. By it the coherent and causal relations between variables- c;m be
handled completely. Algocithm for belief updating is very simple. Influ-
ences of new evidence can be properly propagated to all propositions, The
introduced briefly in this paper,
and problems of this method are alse d‘iscussed.
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