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This paper developes an interval-valued-based approximate ressoning
model, which includes different kinds of approximate reasoning methods,
such as those based on probability, fuzzy set or evidence theory eic, and
provides a single framework for dealing with different types of uncert-
ainty information, which may exist in application systems. This model

bases on the idea of evidence—-theory, It uses an interval vazlue to describe

the degrees of certaimiy, unceriainty and unknown of the unceréainty
information, Finally, some examples of this model using in expert syst-
em and dealing with default knowledge are given,
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