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Metaheuristics in Combinatorial Optimization
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# ¥ In recent years, Simulated Annealing, Genetic Algorithm and Tabu Search have achieved

notable success in combinatorial optimization. In this paper, we review and compare characteris-

tics of these algorithms, and their performance. We emphasize the intensification and diversifica-

tion problem in metaheuristics, and give some insight in application of these algorithms.
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4. B3R A 3% (Simulated Annealing :SA)
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