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Abstract Uncertain reasoning 18 one of the key technologies in intelligent systems and diagnosiz sys-

tems- Probably one of the most popular models for uncertain reasoning is Bayesian networks. but the

computational complexity probabilistic inference using belief networks is NP-hard. In view of it, two

theorems are given in this paper. We substitute a linear function lor the conditional probability matrix

to propagate probabilities in Bayesian networks so that the reasoning speed is improved.

Keywords Uncertain reasoning;Bayesian network . Encoding technology » Linear reasoning.
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