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Abstract

An uniform parameter learmng model {nr bayesian networks ts presented 1n this paper.

This model serves as an uniform framework to denve bayesian network paratneter learning algo-

rithms based on different choice of distance measurement. Two kinds of parameter learning algo-

rithms are derived from this model and discussed m depth.
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Abstract

Amoug the autonomous rutelligeut ageuts in MAS (Multi-Agent System ). the coopuera-

tiomn 35 hard to be reahzed. In this paper. a cooperation mechamsm based ou the netwark coordmate

computing 15 propnsed. It realizes the conperation among the agents by sharing the works and bid-

dug ou the tasks, and coordinates the actions of the agents by the deposit aud the price of the labor

force. A system model is built on this cooperation mechanism.
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