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WISARD system.which needs many hardware by virtuce nf every lass having rne discrrmmna-

tor device.ss a N-tuple classifier with RAM withcut any ability of epproximating continue func-

tioms. Kolcz. A et al. have presented a regressmon algarrthm for the N-taple neural network {NTNN 1t

be used 1o interpalate arbrirary functrns by canceling any discnimunacor concept and derivated a M-tuple

kernel funcunn to be applied 17 the general regression neural network (GRMMN). However v when N s a

very large number (many storages will be mvalbd and a hask technology has to be used. Thrs paper pre-

=2nis a movel adapuve pattern recoprniuion system-M™M-Tuple newral network model with sparse RAM

which can he applied to pattern recognrtion as well as function apprexamation tasks. It 1s a general madel

to some extent in which both NTHNN and SDM can be regarded as a specral case. Finally . cxperrments

have shown the ahidity ~f approxmating functions for thas novel model.
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