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Abstract

Fwo important and active areas of current research are data muinimg and the Weorld Wide

Web. A natural combination of the two areas.referred to as Web mining .has been the fertile research

area. In this paper.we survey the current research in this area.incluoding threr Web mumng categories;:

Web content mining, Web structure mining and Web usage mining- With respect to each category,it's

representation method,processing method and application area are pomted out- We alsa discuss the rela-

tich between Web mining and information retrieve and machine learning.
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