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Abstract

Discovery of association rules is an important data-mining task. Several algorithms have been proposed to

solve this problem. But most of them are based on the Apriori algorithm that requires repeated passes over the large

transaction databases.

In this paper,the authors propose a new database schema and present a relevant algorithm.

Comparing with Apriori and Apriori-like algorithms, the authors also offer some experiments to show that the new

algorithm is more efficient.
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(l)for all transactions tE D do begin
(2) %=0(G=1.2,,m);

(3) fori=ltom

@ if Gitem; € t) then

(5) xi=1;

(6) Y=(fp-fp—|""'f1)T;
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(8)end
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(7) end
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BR EHEED SHIEED vieRRE——X M . I
HESHEE 1 NBE 2 TURSERELRNENZ M SR,
EEMZEREGEESH URRERBIBED RETEHH
B D ¢ — Y5 B X IR A BB PR 6 — Y8R AE 4 0T LA FE 4R
FED EXLE. R ZAFASL. BB RAITLARMBR IR A BEED,
NIFAT RKBOHFEZMRE. BIMnRETLEELEHDIN
BIEERACFEER FPLATABLHE 1.

3 Fast-Apriori 8 E##A

3.1 AXMERREE
EM 2 MFEExCD sitemx EXH x B3t N E

yy1)to database D’;

SREL ﬁii.IEH%ﬁﬁhﬁﬁlﬁﬁﬂt. TGS BT QLA S EEH

0590


http://www.cqvip.com

.

BE1 MFEExSD MR x BB ideroin fIH 1,
4 E Rt B 9 B 45 sitemx = {item,; ,item,z, *** s item,m } o

B3 LengthG)®LH x 1 AR

FEB1 XFV x.V y. 208 length(x) =length(y)=k—
1. 78455 B 45 sitemx 530 B & sitemy FERA k—2 4 TR
R Y HILY length(x and y)=k—2,

8 . B K3 B 48 sitemx 551 B 48 sitemy H k—2 7T
ZHRB.AUEx Sy FoHE k-2 4EN1 BHUHER.X k
—2 i EEN 1. BAAEERMAEFAAE.EMIN S E
DA, HEMH O, “5E K 0,HI length(x and y)=k—
2.2 .MM length(x and y)=k—2, L E x Ky P FTF
X k—2 A EERN 1L.HEMAMERER, BT length(x)
=k—1,length(y)=k— 1. B EHKEFHEEREE—{L
EH 1. WXHEMAEATERE 1. AEXBTI NS ER
CHEAFHEE, & THMEEH 0, BT LA B 4 sitemx 5 EE
sitemy FHRE k—2 M~TRHRE.

EEE 2?2 MFVx.Vy, 218 x and (not y)=0,I 4
sitemxCsitemy

1289 ;A % x and (not y)=0, Ll x H(not yIHFHH
AHE. Bk xB8E g odn B4 1,384 (not yIBE 5>
jzorttsim PEA OB y BB jiudzs vim B2 1 B EIR . S0 R x
MBIyl ABEyNB BN 1. EER 2 K.

3.2 XBURMRYIBIEN & Fast-Apriori %

FHEHBESERYS Apriori HEE—H¥.HEEAKLRYES
Apriori BEREAH. BENE S ENBAZITHE S —1
TTRTEEANME ke K — KT HE. T8 k
.0 =10 BB %18 H B3 Fast-Apriori-Gen(Li—; ) 3 4
B %W 48 Co, KWK & ¥ Fast-Count-Support (Co) it
BRAEFEHEC.PRENIFE.BEZITHEETAEC
Fiy k-HAETWEE.

NiE 2 WY HHER/E Fast-Apriori.

WA HiEFE D’ yminsup,
W EETEKL.
T

(1)C;= {candidate 1-item sets};
(2)L; ={c€ Cy|c. support=minsup};
(3)For(k=2;Ls—7%; k+ +)do begin
(4) Cc=Fast-Apriori-Gen(L¢—1); // ¥l F &R ¥ Fast-Apriori-Gen
(Lx—1)
(5) call Fast-Count-Support (Ck) ; / {# F§ & #{ Fast-Count-Support
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(6) Li={c€&€Cilc.support=minsup};
(7)end
(8)L=UuLk;
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(17) end
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(19) if(temp3=k—2)then begin // =T 1
(20) for (i=1;i<k;i++ )do begin

(®211p; if (templ and not(2*™CJ)) & Li_, then begin // W% B3

(22) tag=1; break;

(23} end

(24) end

(25) if (tag=0)then insert templ into Ci; /C: BB H k— 14k F4R
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(26) end
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(29)end

Function Fast-Count-Support (Cx) / RiEZ2
(30)For all t"€ D’ do begin

(31) t=not(t’);

(32) for all c€Cy do begin

(33) #((c and t’)=0)then

(34)c. count++

(35) end

(36)end
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