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A New Algorithm of Mining Classification Rules Based on Decision Table

XIE Juan-Ying FENG De-Min
(Computer Science College, Shanxi Normal University,Xi’an, 710062)

Abstract

The mining of classification rules is an important field in Data Mining. Decision table of rough sets theory

is an efficient tool for mining classification rules. The elementary concepts corresponding to decision table of Rough

Sets Theory are introduced in this paper. A new algorithm for mining classification rules based on Decision Table is

presented, along with a discernable function in reduction of attribute values, and a new principle for accuracy of

rules. An example of its application to the car’s classification problem is included, and the accuracy of rules

discovered is analyzed. The potential fields for its application in data mining are also discussed.
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A1 XA
U ay az as ay as as d
x; USA Medium High High Auto Medium Medium
Xz USA Small High Medium Auto Medium Medium
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2 1. 0000 0.5714 0. 4286 0. 4286

i AR A4 R0 W SR W Bk L H PT ER AR RS

A REASANEIEP. ATEBNEZSA TN FE
B XA EENERRARKBRERESRESTRER
ey E TR R, ATT SRS AR M A E . Wk,
1E card (DY> 15, B REBEN S H SR L OT#FTE
(FHATTH)

e 63


http://www.cqvip.com

D000 http://iwww.cqvip.com|

BERT - 1TFEARFHEEERMYHLEIR. MEI1ZAI3TT LS, AR TEEHRRGLRE
RALAXBIPHRBE S RE, BERLELE O RBUR
bR T AR A S [3]1P R B AR BUSCR B [51H &R

R Z4F . [ s A< RY b SC (3750 #RAY i B 6] 8 2% K KRR

y)

|

NN N
crr
|

Ei1z xfhxwr

27 )

27

BEAFRE R %E 0 X e KRS M [3IPHRBES S
FRHOFTE S MRIFR.

& FINENRCHFEN/LHEEEARHER
ERET —HFNNETEERSINAEGHNFEER
BARY . ZRAET XBIFREE _EFFERE R R
R FEETREERSHNSAGHHER. TRIEHN. HE
FERYJLRMRRUA Lt AR B TE R UE S8 B 1R I HE B LAY BT 42
T RERKREE A ARITTLLE . B 53 [3]F
ARy Y R HE S LR E T 20% . R A, X BY Y ) T DLF Ep

ADBIPERRBHLEE HAEARBRHYELEE
Bl FERFAEEIRRIMEES LT RFRIBE.
H13 X
A1 o4 W 23 bb (B 8] 43 B ¥ AN K &5 PBOD o &% 4+ K-8 1))
FH
- E S =< ® b
B g B (] ¥E2%
*[3]% HAFHRELY PBOD g4k 1344 1337 2177 723
- AR XK BBOD #i4& 1344 1337 2177 723
Bit 2688 2674 4354 1446
TS AR R KA BBOD ik 204 184 183 85
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