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Abstract

Selecting threshold is the most important in threshold-based nonlinear filtering by wavelet transform. In

this paper, a novel adaptive threshold is proposed by minimizing a Bayesian risk (It is adaptive to subband because it

depends on data-driven estimates of the parameters). Combining this thresholding method with Wiener filting can re-

sult a new denoising method. Expermental results show that the proposed method indeed remove noise significantly

and retaining most image edges. The results compare favorably with the reported results in the recent denoising liter-

ature.-
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