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Sliding-window Based Topic Modeling
CHANG Dong-ya!  YAN Jian-feng!'? YANG Lu' LIU Xiao-sheng!
(School of Computer Science and Technology, Soochow University, Suzhou 215006, China)!
(School of Creative Media, City University of Hong Kong, Hong Kong 999077, China)?

Abstract LDA(Latent Dirichlet Allocation) is an important hierarchical Bayesian model for probabilistic topic mode-
ling, which touches on many important applications of text mining. This model takes neither the order of documents nor
the order of words in one document into account, which simplifies the complexity of issues and provides a great chance
to improve itself, To achieve this goal,a sliding-window based topic model was proposed. The fundamental idea of this
model is that the theme of one word in a specific document has a strong relationship at the words near by and is mainly
affected by them. Through modifying the size of window and sliding step, document is cut into smaller pieces. Mean-
while, aiming at the big dataset and data flow, online sliding window theme model was proposed. Experiments show that

the sliding-window based topic model has better generalization performance and accuracy on four common datasets.
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