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Abstract In this paper, we discussed the main depth neural network classifier feature and the extraction method of text
feature, First of all, the coupling relationships between text features and in text features are analyzed to build textual
features for classification and establish the coupling relation model of text feature, Secondly, the text feature is classified

as the depth of the neural network input layer. Finally, the network is trained without supervision, increasing distinct

nodes on the top floor to achieve the function of text classification.
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