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Abstract Considering taking the feature selection process into the support vector machine classifier,a new model called
feature selection in semi-definite program for support vector machine(FS-SDP-SVM) was proposed in this paper for in-
tegrating the target of feature selection and machine classifier, The key to this model is to split the kernel space into
several subspace by each feature, With the linear combination of these subspaces, the new kernel matrix was constructed
and optimized with the support vector classifier by semi-definite programing. Two parameters for the feature choosing
are announced, namely feature supporter and feature contributor, which can be flexibly adjusted for the need of maximi-
zing accurate rate (FS-SDP-SVM1) or minimizing feature quantity (FS-SDP-SVM2). The empirical study analyzed the
difference between two model types and other feature selection algorithms Relief-F, SFS and SBS on the UCI machine
learning data and man-made data, Results show that FS-SDP-SVM can achieve maximum accurate rate or minimum fea-
ture quantity in majority of UCI data in consistent with the good ability of generalization. This method precisely gets rid
of the noise data and preserves the real features in man-made data test.
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T, X R R R A K HE T R A B L 7E Breast cancer B &
b TS BUAFAE 1 %, Breast cancer RIR T HE LB AR—
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EBEBRILLIRE, SEEGHFEXT B E A Uik, A
PATRHMEE R A B HER R RARR. EATERBEEL
SDP-SVM1 ¥%#% T 7 MEE, 23R X — X6 » Xs» X0, H 3
B ELHWTRE, RelelFRBEE, 250, Kb
AR E S ARE T TIRR S RERE,

BB LRER R B HRERN

EXFEE T, RN R ERERORHAE 3T E
K8 KRR, R B — R BN ATR TR LR E D
EHFE. WNRSTTRIBH, BT Vote 1A T L5, SDP-
SVM2 FEAERTE 3 TBEENFHEEREPEHRE T &R
TESCE AR B 4 B R Musk $03E  Spam S48, 1% H 4%
EBBAANE SRR 2/9,1/7 71 1/4, SFS BT
ATHIRSE BB TRARIEE  BHR ERBRIK, JEEE
FEF TS NV, WM SBS &7, SBS #
BT Xo—Xo, WERFER. SDP-SVM2 E A THIEE LR
RIEER X — X, Xs 1B Xo BIERHA SR, RG22
¥, AT, SDP-SVM2 & i MAHE R BB L E BT BEUES
FhAFERHALE.

NFRE SR E X TR/ MEN

MEURE B REEREE, Musk BBURE iS4
BB, o SBSHHE B F W HRES THRE KT
WERBRERTHRE, XFELEH T SBS NEREHZE
FHEFEAFESE R L EBEN B SERFEREMLL;
Breast cancer . Musk $iEEEREF R EE THRE, M Arti-
ficial data 5 BEECRD s NBUHBHHE L& , Musk $048 — 284
BEAER EREBREMRFENTEEZRER, GHRE
BERESBERNE BN RE, RESRENRFRENE
SN BB BT bk VAL SR AAFIE R B E . R 6 4
53X — 3R R B SRR AR A 4R 3 8 5 I BT L

#6 6MBERKIEEEE SREER/NMRUFERENFR

BEL BRBELEFR  REBERFFR
Breast cancer SDP-SVM2 SDP-SVM1
Musk SDP-SVM2 SBS
Spam SDP-SVM1 Relif-F
Vote Relif-F SDP-SVM2
Artificial data SBS SFS

M6 ATUE H, ERMAFERZEH R b, SDP-SVM2 5
B 5 WBHERY 2 I ARk L, SDP-SVM2 ik 7E
Vote ¥ _E B, LB B2 th B9 SDP-SVM 4Rtk 5 B
ERBRMATALRE S, " — MBI 27 Spam ¥ - SDP-
SVM2 M BURE MAE R L IBR A Z N RE ERER
# L, SDP-SVM2 i Fie B IE R B E >, HAEZLEES
FHEMTF SDP-SVM1 2 Bk 2z P HEE.

£ FARR, B4R 4 (9 SDP-SVM 7 ¥k 78 3 #5438 I TT ik
BEMX R G R ERFRE R EREN BT XIER
BHIERE, AEEGRIZ e . REREREELIRAT
BUREA FAEH AR, A RRAERBERNHEE LIE
AHEUGHE, Ait SDP-SVM MR EH B RIEEH 2R —K
R, 300 FREARBHE S M, R 3 — B B SRR 2 (b4
R EEEAEBENERTR. RS, Ry
B E5REJLAHES B RN L BA BRI E.

BRI\ FEERBIER R BIR, BB F AT B
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