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Survey on Indoor Localization

XIRui LI Yujun HOU Meng-shu
(School of Computer Science & Engineering, University of Electronic Science and Technology of China,Chengdu 611731, China)

Abstract In recent years, with an increasing demand of context-aware applications and ambient intelligence applica-
tions, the accuracy requirements of user location information are rising. Due to the fact of complex indoor environment
and the loss of unified infrastructure, indoor positioning technology has gradually become the focus field of user localiza-
tion. Taking into account the infrastructure of indoor positioning technology, location accuracy, generality and other fac-
tors, the existing methods were divided into three categories: specific device-based localization, WIFI-based localization
and mobile sensor-based localization. We discussed and analyzed specific localization technology and different me-
thods, such as performance, features, advantages and disadvantages, etc. Finally, we summarized the current state of in-

door localization technology field, and briefly described the direction of future research and development trends in the

field.
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X% BARY 5 5488 AP [ RSSIE, fI BT RESH
(Truncated Singular Value Decomposition, SVD) £ A 41 &
RSS {H-Schriy BREE BB X R Ji B AR 19 ARIADNE



EMRFEFAEAEGAERE AR 514238 & (Ray Tracking,
RDER  RE_SEERTLTHE R —-MLRESRENRE
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FHIRIE A BB A7 0L B 57 A B [ BAR & ) WIFI
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LED & i — &S E R FE S, R AE G LB AW
HAE S B BRI E AL, A P AR B TFILRB L X AR
EH WA HERBERFUERES. RERNEMEELE
ImZ A, $0 Kuo Ye sheng & AU FAFHBER L 5BH
AR LED A &L T E P RALWENEL T
® Luxapose, Ifthekhar M S 2 A B F| /] LED % £ #h 4%
HENBER, REETARMENEMFE BREMEAR
RS E A S EH LEDAT R, KARE . AFIFX
JEEHE RA.

BT Lk 4 FhRREF A GBS E M T RSN, B —
S H Ath B B LT B, BlINEE M ET E S B P R FE B RA
Bl g% T 4 B B A0 47 A BIAT 5 [A1iR 2, Niu Xiaoguang %
ABUR B WTrack 77 3% Fl F e X 5 /R #E R AL (Hidden
Markov ModeD) %f % 947 A BT E M B T B 4. Ayman
Naguib EAC R T —HEFEMERM AN FINENE
gk, MU WIFL 8 A S FHLE RS = b E 5 8 54
BA WAL E ., Huang Wenchao % AP REFHB 2 F
BUEWORE FE 8 & 4 Dopple M MM KR T —FFHL
TE M E N E N R —Swadloon,

3t L EABHEHET BRI EBRSHNEMTE, AR
[ B RE IR R 4T 247 EL R, 2Nk 3 B A,

#£3 ETBIERBAEOTEMLE
Accuracy (%)

Sensors

mEEEER,

System Average error(m)

Xw[37] Py N/A 1.5~2
b ¥ 27 F N
DECL WA N/A 1.1~1.5
T A B
SurroundSense H # .camera, 87 N/A
WIFI
LocateMe Ho % L 90 4.5
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Luxapose Camera N/A ~0.1
Swaddloon Microphone 90 0.5
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&¥RiIE ZFAEMEARENEMNS MR TRH—1
BHENSLOEMES RN A MFENWER. EIMNEFTHE
WEME ARSI BG, IBENEM T ES N 3 7 ETHE
BREREMTIE BT WFIESHEMTEMETHIHE
BRI . X 3 MEMBARERN TSR, B
EWERA L WA AMNE, ETRERENENMITEEEMN
EREREMEE  ETEHERBNEMTEITERRR
FERNETERRFERHETE. N ERSTTR, EREM
BARTEEMIEE R IE B AR Tk TEE JITIH
HETHEM T KB T AR BE8F & A 7 k7 KRR 8
B R A B E N E A B ARKRR R E A S F A TR B

MIFENEMNTRAFRE AN REE, TRES
BN ERRS EFRE . BN ENEMEARKH
ABRAES, B HENEMEARBFERGEMTIL
e
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WE LB B T B LB A — AT IR SRR A LI R
PIEWR R FIIMBREATFESHEREC NN fTETHE
W, REHEAREA S ZHERNA. T7EKPRIMSER
T 42 S R AL T R R — R L PR R AR
FIE,

OEFEUEENEMBEABR. ARTRE HE M
HERBBAAMELGER, ETIEUFEREMBORES
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