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Big Data Oriented Online Feature Extraction

XU Shuo-na ZENG Bi-ging XIONG Fang-min
(School of Software, South China Normal University, Foshan 528225, China)

Abstract In big data, the high dimension of training samples makes it difficult for classifying these samples during data
mining. Applying the sparsity of the L1 norm, this paper proposed an online feature selection algorithm, and used this
algorithm to classify the training samples. Experiments on public datasets show that the proposed online feature selec-

tion algorithm has better prediction accuracy than related work,and thus can be applicable to data mining for big data.
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