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Decision Tree Algorithm Based on Attribute Significance
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Abstract The traditional ID3 decision tree algorithm is difficult in selecting attribute, its classification efficiency is not
high, and anti-noise performance is not strong,so it is difficult to adapt to large-scale data set and other issues. Aiming
at this situation,a decision tree algorithm based on attribute significance and variable precision rough set was proposed
to ensure that the tree size is not too large while removing the noise data, The algorithm was validated by using multiple

UCI standard data sets. The experimental results show that the algorithm is superior to the ID3 algorithm in the scale
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and classification accuracy of the decision tree.
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