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Abstract In the current computer vision applications, the research on extracting moving objects from video sequences is
very hot. The traditional methods can not detect moving object in the complex environment well, Accodding to the char-
acteristics of HSV color space,a adaptive mixed Gaussian background Modeling based on HSV color space and the way
to remove the shadow was also proposed. Firstly,in order to improve the effiencieny of Modeling, an adaptive selection
strategy of number of components of mixture of Gaussinas model was proposed. Secondly, according to the shadow
characters in the HSV vector space, we also proposed a new method to remove the shadow of objects, The paper can al-
so build the model quickly and remove the shadow accurately under the situation of light with big change. Compared

with the traditional shadows suppression method, this method can suppress shadows to moving objects without setting
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the threshold value.
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