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Color Image Segmentation Based on Spectral Clustering Using Multi-sampling

ZHU Feng SONY Yuging ZHU Yu-quan XU Li-li JIN Hong-wei
(Faculty of Science, Jiangsu University, Zhenjiang 212013, China)

Abstract Spectral clustering for image segmentation is difficult to calculate the spectrum of weighted matrix. A multi-
stage sampling spectrum image clustering algorithm was designed to eliminate it. First, the sampling theorem was given
and proved, and the minimum sample size was derived according to the smallest cluster and cluster number. Secondly,
image pixels were sampled based on the minimum sample size and a penalty function was proposed by repeated sampling
for the elimination of sampling model on the stability effects of spectral clustering. Finally, the distance between a pixel

point and categories was definited, the remaining points were assigned respective cluster depending on the principles of

the nearest distence, The experimental results show the effectiveness of the algorithm,
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