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Attribute Sentiment Classification Towards Question-answering Text
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Abstract The goal of conditional sentiment analysis is getting the sentiment polarity of whole text, which is a coar-
setask. Recently,with the improved technology.the sentiment analysis task is also refined,and the researchers hope to
get sentiment polarity of given target of the text. This paper’s purpose is getting the sentiment polarity of product at-
tribute on question-answering text, To perform attribute sentiment classification towards QA text pair, this paper pro-
posed a novel approach based on attention mechanism. Firstly, this paper concatenated the attribute information on an-
swer words’ vectors. Secondly, this paper leveraged LSTM models to encode the question text and answer text, Third-
ly . this paper got the relation of question and answer by using attention mechanism and got the whole feature of answer.

Finally, this paper got the result of whole feature by using classifier. Empirical studies demonstrate the effectiveness of
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the proposed approach to attribute sentiment classification towards question-answering text.
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