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Abstract Aiming at the problems of feature sparsity and insuffcient representation ability in short text, this paper pro-

posed a feature extension method based on Bayesian networks. Firstly, the semantic Bayesian network is constructed by
defining the dependencies between the feature words in the short texts. Then,the correlation degree is defined between
the feature word and the short text,and the feature words closely related to the short text are selected. These words are
further extended to the short text to reduce the noise and sparsity of short texts. Finally, this paper analyzed the feasi-

bility and effectiveness of the proposed method with the short text classification as the basic task of text analysis. The
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experimental results on the Amazon product dataset show that the proposed method is feasible and effective.
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