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Abstract In the face of massive high-dimensional data,eliminating redundant features for feature selection has become
one of the important issues faced by information and science and technology today. Traditional feature selection methods
are not suitable for searching the whole feature space,and their performance and accuracy are low. In this paper,a me-
thod of feature selection based on ant colony optimization and random forest was proposed. This method takes the im-
portance score of random forest as the heuristic factor of ant colony optimization,uses ant colony optimization to search
intelligently,and uses the result of feature selection as the evaluation index to feedback the pheromone of ant colony in
real time. Experiments show that this feature selection method can effectively reduce the number of features in data sets

and improve the accuracy of data classification compared with traditional feature selection methods.
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