'H‘ :ﬁ_ *!h f+ ? http: /www. jsjkx. com

COMPUTER SCIENCE DOI. 10. 11896/jsjkx. 200500095

MEBEMPEZRELRFF[HBHIZTEEFSHERARER

ZEw'? HRK? B @ EXEH

LI BRFWENGEFELEF R BT 530004

QIS HAKAEENERARELLRE ¥ T 530004

SITHMAFA/XEF K # T 530005

A ABREFAETOHRAT BT 530007
(liangjb2002@163. com)

i E MAMHFEM (Internet of Things, oD K E X R . HATXKEZLARAR SO RE (ST RRERBGF R
REXRE HHNFRXBEE . FRDAXCHEFREXES) , CMMLEE . A 2 A THRRT . HFEI] F4H8R. &m,
X IR XA TR AT R R R A BER SR E R, %312 % 4t F (Mobile Edge Computing, MEC)
MR ETX PR, HERNEXETARELSHRI MECRSEZE L. A ENETrBreitFaESs, TLREER
KHMBETHHEERNS DG PEERN PR RNSENE, ATLEREFRNAHMLET, E—E M A HEMNEET
RATEAMAMECREF BN ELZER T SN REGEFRSEARGITAFLPBERFR, EXNMLETRT HEZ—MSH K
T RH BT R ABES TR ER DI R L GRALED Z AL, 2 —ANPER M, B, CHF S TEFTX—FA
HAFTHRHFBFT —EHRREAEERAERA TG E—F M, AT LREARERZABRGARL, P EIJLF
R RARRAITT oM FAFELE IS T e & st R ke TR TTRZ,

XEBE - DER HHAGTHE ESHB TRy HFEER

FEESES TP393

Survey on Task Offloading Techniques for Mobile Edge Computing with Multi-devices and
Multi-servers in Internet of Things

LIANG Jun-bin"* , TIAN Feng-sen'’ ,JIANG Chan’ and WANG Tian-shu'’

1 School of Computer and Electronic Information, Guangxi University. Nanning 530004 ,China

2 Guangxi Key Laboratory of Multimedia Communication and Network Technology,Nanning 530004, China
3 Guangxi University Xingjian College of Science and Liberal Arts, Nanning 530005, China

4 Neusoft Group (Nanning) Co. ,Ltd. , Nanning 530007, China

Abstract With the rapid development of the Internet of Things (IoT) technology.there are a large number of devices with dif-
ferent functions (such as a variety of smart home equipment, mobile intelligent transportation devices, intelligent logistics or
warehouse management equipment,etc. » with different sensors) , which are connected to each other and widely used in intelligent
cities,smart factories and other fields. However, the limited processing power of these IoT devices makes it difficult to meet the
demand for delay-sensitive, computation-intensive applications. The emergence of mobile edge computing ( MEC) effectively
solves this problem. lIoT devices can offload tasks to edge servers and use them to perform computing tasks. These servers are
usually deployed by the network operator at the edge of the network, that is,the network access layer close to the client, which is
used to aggregate the user network. At a certain time,loT devices may be in the coverage area of multiple edge servers,and they
share the limited computing and communication resources of the servers. In this complex environment,it is an NP-hard problem
to formulate a task offloading and resource allocation scheme to optimize the delay of task completion or the energy consumption
of ToT devices. At present,lots of work has been done on this issue and make some progress,but some problems still exist in the

practical application. In order to further promote the research in this field,this paper analyzes and summarizes the latest achieve-
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ments in recent years,compares their advantages and disadvantages,and looks forward to the future work.
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