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Web Page Wrapper Adaptation Based on Feature Similarity Calculation
CHEN Ying-ren,GUO Ying-nan,GUO Xiang, NI Yi-tao and CHEN Xing

College of Mathematics and Computer Science, Fuzhou University, Fuzhou 350108, China
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Abstract With the development of big data,Internet data has exploded. As an important information carrier, the Web contains
various types of information. The wrapper is proposed to extract target data from messy Web information. However, with fre-
quent Web page updates,minor structural changes may cause the original wrapper to fail,leading to increased maintenance costs
for the wrapper. Aiming at the robustness and maintenance cost of the wrapper,a Web page wrapper adaptive technology based
on feature similarity calculation is proposed. This technology mainly analyzes the feature set of the new Web page and the feature
information contained in the old wrapper,and calculates the similarity of the Web page to relocate the mapping area and mapping
data items of the old wrapper in the new Web page,and make the old wrapper based on the mapping relationship able to adapt the
data extraction of new Web pages. The technology is mainly used for experiments on various types of Websites,including shop-
ping ,news,information, forums and services. 250 pairs of old and new versions of Web pages,totaling 500 Web pages,are selected
for wrapper adaptation experiments. The experimental results show that when the Web page structure changes, the method can
effectively adapt to the data extraction of the new Web page,and the average precision and average recall of data extraction reach
82.2% and 84.36% ,respectively.
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6. if child! =null then

7. root. children. push(child)
8. endif

9. endfor

10. return root
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Hor,b=1,2,,n;text, ; Je— DA BT ICARNE, £xw
K7 A j A SUA s con, TR KK tar B SCARE S s sim
(text; ; scony, ) TR i FEYHE j A5 XL ar 45410
R ARLEE 2R [ rh d R AR L

SCAS K BE AR B 9 T 5 32 BT P AN I SC AR G Y
KEL, AT

T — min(con;. lenscon,, . len)
, =

an

max(con;. lenscon,, . len)
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Table 3 Experimental sample

W 3k A W 3 E
El HE (&4 % 1 B R R 7D
W 4 % 5 50(100)
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ENH
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Table 4 Adaptive experiment results

an

3 " T W OHE R

izfj gé Tmﬁﬂg SN/
T 4 % 50 39 78.0
o % 50 46 92.0
S 50 140 80.0
E % 50 47 94.0
R4 2% 50 45 90.0

E I T Y e R

Table 5 Experimental results of data extraction

W3 £A  WAHE PIN/%U  RN/Y% F1E/%
g 4y % 50 71.8 74.1 72.9
# % 50 89.9 91.1 90. 5
B % 50 73.6 77.1 75.3
&% 50 90. 4 92.3 91.3
M4 % 50 85.3 87.5 86. 4

SR A5 AR R WP 28 F B IR S W LA 4 3 4% A 3 N
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8300247 MR 5 AT LU i, B IR SE il 49y 28 IR0 i 450 4 4 B
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R E T 30 90 288 0 BT 134 728 Al W 88 365 K, 9 TR o0 i A Dy 49 258 0
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Table 6 Experimental results of SG-WRAP method

CHAT - %)
B AR P(N) R(N) F
Allbooksd-less 51.3 75.0 60.9
Hotels 41.9 50.0 45.6
Amazon 90.7 83.1 86.7
Barnesand-noble 100 78.7 88.1
F 3 71.0 71.7 70.3

# 7 TEDM Jrikscm s R
Table 7 Experimental results of TEDM method

CHAL: 26)
&R P(ND R(N) F
Allbooks4- less 76.9 98.5 86. 4
Hotels 72.4 62.5 67.1
Amazon 92.1 92.1 92.1
Barnesand- noble 93.8 95.3 94.5
F 3 83.8 87.1 85.0

8 AR A R

Table 8 Experimental results of proposed method
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Hotels 79.5 85.3 82.3
Amazon 94.7 97.3 95.9
Barnesand- noble 96.9 98.2 97.5
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