wfﬁ-’ffh?f*l'?

COMPUTER SCIENCE

HESRELZHFHEERSITEN B XHAR
B, ikfh, TR FER, WEK

SIRAAX

B, KM, TR FER, REK HRERELSHFNRERNSIABHNDEMRI]. TEHRE,
2024, 51(4): 353-358.

TU Xin, ZHANG Wei, LI Jidong, LI Meijiao , LONG Xiangbo. Study on Automatic Classification of

English Tense Exercises for Intelligent Online Teaching [J]. Computer Science, 2024, 51(4): 353-358.

BN EEE (SERXINEE IE JENBEENE)

Similar articles recommended (Please use Firefox or IE to view the article)
EFE XY 72fIHDGCN N EEFH A St A

Unified Fake News Detection Based on Semantic Expansion and HDGCN

HENRS, 2024, 51(4): 299-306. https://doi.org/10.11896/jsjkx.230700170

EFEDCUREFEHNERREEBESIMK
Transplantation and Optimization of Graph Matching Algorithm Based on Domestic
DCUHeterogeneous Platform

HENRIS, 2024, 51(4): 67-77. https://doi.org/10.11896/jsjkx.230800193

EF RSB ERINHEEEN M S WER T A ERIERO T
Dual Feature Adaptive Fusion Network Based on Dependency Type Pruning for Aspect-
basedSentiment Analysis

HENRS, 2024, 51(3): 205-213. https://doi.org/10.11896/jsjkx.230100035

ETLp B BRIFRIBM D BT EE

Non-negative Matrix Factorization Parallel Optimization Algorithm Based on Lp-norm

HENRSE, 2024, 51(2): 100-106. https://doi.org/10.11896/jsjkx.230300040

ETAMER PSSR F e R
Automated Kaomoji Extraction Based on Large-scale Danmaku Texts

HENRSE, 2024, 51(1): 284-294. https://doi.org/10.11896/jsjkx.230400120


https://www.jsjkx.com/CN/10.11896/jsjkx.240300109
https://www.jsjkx.com/EN/10.11896/jsjkx.240300109
https://www.jsjkx.com/CN/10.11896/jsjkx.230700170
https://doi.org/10.11896/jsjkx.230700170
https://www.jsjkx.com/CN/10.11896/jsjkx.230800193
https://doi.org/10.11896/jsjkx.230800193
https://www.jsjkx.com/CN/10.11896/jsjkx.230100035
https://doi.org/10.11896/jsjkx.230100035
https://www.jsjkx.com/CN/10.11896/jsjkx.230300040
https://doi.org/10.11896/jsjkx.230300040
https://www.jsjkx.com/CN/10.11896/jsjkx.230400120
https://doi.org/10.11896/jsjkx.230400120

0 'H‘ :ﬁ‘ *’h ﬁ‘*‘ ‘% http: /www. jsjkx. com

COMPUTER SCIENCE DOI. 10. 11896/jsjkx. 240300109

HOEREELBFHNRIENEIFTBIFTERAR

B & ok £ T=#HE - FEK' - EZHEHE
1z AFRIYSHEHFTFK BH 650001
2ER-ZBFREREEAEEEHERTEREALEE  FIK 404100

W B MEESHFBHARAFTICGHEFTXZ - ANTEARBETEZRAZTAREER., SR ELHFTERALHN
LHEFORFTRRRRBRANTARSE IR ARAMLAEERTRARFFTERELAEZRFT I ARG EELSARLEBARE
ALEBEENR, AR FEAMNERRELZRATRNREZZETLALR X Z AN A A RETEE HAEE, 4 ERHK
FRBRAFORAL . LT RETATHARBFAEBRRNELR TR RAD S EFT X . FATFRBEBBEZESALNKREEN
EOIMAD LA KETEALALETREITAFHIELITI A  AIHEFL. RALEF I T AL BOMERBELE . FHE
BERT A XA p £ BN GEBEE ZATHNKRE S A5 £, Bhky L EMELZ 6. 15Y, L Pt —KAALRG
P EHER G, LE 93.88%., TUA—RRBELHRFPFREENSERFTRRAD > L EE JTHFRERBLAANMEAMEE,
HHRPIEFAEEFZ ARZAELRFRE LS EEBR TR RRBETIAGER MRS .,

KB EEHF ARETAR  EEFISEL

FESHES TP39I1

Study on Automatic Classification of English Tense Exercises for Intelligent Online Teaching

TU Xin' ,ZHANG Wei*, LI Jidong' , LI Meijiao' and LONG Xiangbo'
1 College of Vocational and Continuing Education, Yunnan University , Kunming 650091, China

2 Key Laboratory of Intelligent Information Processing and Control,Chongging Three Gorges University,Chongqing 404100, China

Abstract With online teaching becoming one of the normalized teaching methods, people put forward higher quality teaching de-
mands. Various online teaching platforms and the amount of educational resources on the Internet have greatly facilitated many
learners. However, there are also some problems in educational resources such as uneven quality, lack of effective classification
and integration,and mainly rely on manual sorting,which lead to people spending too much time and energy to search,screen and
sort online educational resources. Considering the existing shortcomings of online education resources, this paper proposes an au-
tomatic classification method for online education resources based on natural language processing technology,and conduct experi-
ments on the automated classification of eight English tense exercises,which are the key contents of middle school English gram-
mar teaching. The experiment collects more than 90 000 English tense exercises both online and offline. After data cleaning.ap-
proximately 30 000 sentences are selected to construct a dataset,and a BERT fine-tuning text classification model is constructed.
By training the model,automatic classification of the eight tenses is realized with an overall classification accuracy of 86. 15%.
And the recognition accuracy for the present tense is the highest,reaching 93. 88%. To a certain extent,in terms of English ten-
ses,the experimental result can meet the practical needs of automatic classification and organization of English education re-
sources,intelligent correction and personalized push of exercises,intelligent Q& A. It provides a feasible idea and solution for im-
proving the quality of online teaching and integrating online education resources.

Keywords Online teaching, Natural Language Processing, English tense classification
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Table 1 Marking of eight tenses in English

3] L Rz
1 O TV every day. 0

The earth O) around the sun.

Dont talk so loudly. Your father ().

Look. They () an English lesson.

They () to a new house last month.

There () a car in front of the house just now.

You () her again in a few days.

He O here this evening.

The boy is happy because he () out all the newspapers.
It O) five years since he joined the army.

When he was waiting for the bus.he () a newspaper.
As I walked in the park,it () to rain.

She said she () on a new coat the next day.

Miss Zhang said she () the Great Wall next summer.

The man () his coat and went out.

B T e S B T IR - B SCR RS

I felt much better after I () the medicine.
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fine-tuning model
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Fig. 4 Bar chart of the classification results of eight English tenses
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