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Simulation and Dynamic Identilication System Based on Improved Neural Network Model Algorithm

ZUO Jun ZHOU Ling

(School of Electronic and Information Engineering . Foshan University, Foshan 528000, China}
Abstract For identifier.the connection weight of neural network corresponds to model parameter, By adjusting weight
of neural network . the network outputs are approximated to the system outputs, When taking neural networks as identi-
fier NNI and doing some training on it.network weights will become the estimation of system parameters, The tradi-
tional algorithm is improved by introducing weighted factor so as to control the impact of estimated value made by the
input factors, The estimated values of parameters are always uniformly asymptotic convergence in a wide range. The
network steady state were thought as the minimum point of objective function for any optimization problem. The con

vergence process from the initial state to the steady state is the optimization calculation. At last, simulation experiments

were developed to test some specific cases and the obtained results are ideal and reasonable,
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