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Abstract

vide the information required by users rapidly and exactly is the first task of the search engine. Traditional general

With the rapid development of Internet, network information comes to be massive and diversity. How to pro-

search engine can provide the information in the general area, but in the special area, it cannot provide the professional
and in-depth information for users. In this paper, the focused crawler based on the SVM classification algorithm was
proposed for a solution to the problem of information retrieval in the special area, which makes use of the topic relevance
predict algorithm based on the content and partial link information, the SVM classification algorithm and the HITS al-
gorithm. The experiment shows that the crawling strategy based on the SVM classification algorithm can distinguish the
topic related pages and topic unrelated Web pages better,improve the harvest rate and recall rate,and furthermore, the
retrieval efficiency of search engines is improved.
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Crawl_first(G, Seeds)
Priority_Queue(priority_queue data structure) Queue //{564%
%Y
Collection (url-page pairs) collection //url, page %}
Hash_tablevisited_table// B1/17) url )3
Queue<seeds urls //FF urls &AL ALK BT
while Queue is not empty and crawl_num<MAX_CRAWLING_
PAGE
do
crawl_url<—seed url in Queue but not in the visited_table
visited_table<—crawl_url
PAGE<{fetch_page (crawl_url)
Collection<—store (crawl_url, PAGE )
Queue<—urls in PAGE but not in collection and Queque / /35
BiEA
crawl_num++
end
Return collection

Bk 1 5, priority_queue N B KA B HBAFI. FE prio-
rity_queueff SC AT RS F , BN TR B R — 1
RIELR key. priority_queue PRIEZRBAFISTHRE LA ik

Queue_Insert(Set,e,key) I E A key HTTE e A
FIEE Ser

Queue_Maximum(Set) : IREI5EH Ser FHLSERIBBHITLE 5

Queue_Extract Max(Set) : iR B4 G Set FIL R BT
BITCR , HHHMES Ser HMHIER;

Queue_Increase_key(Set,e,key) i 4EE Set hTE e By
RAHKER key .

priority_queue fR B AFE T B R MESLIN , A ARLE
BBHRI E 4B Og(n)) (n AR, B BEBFE
BOR,

3.2 BRIRERHEE
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get_seeds (seeds_Authority, seeds_Hub, classified_collection)
(Dis4L Authority(u) , Hub(uw) /£ 0 i, K, u€ classified_
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(2)While distance>>¢
do

for eachu €V

do

Authorityi(u):vEEB](u)Hub*.ﬂ(v) » 5(v,w)

,0<le<C1 (10)

Hub; (u) =v€;(u)Authorityi-1 (v) * 8(u,v)
end
> compute the length(La,Lh) of authority and hub
D> normalize the vector(Authority; (u) , Hub;(u)) of authority and hub

distance_Authority= \/ \éx (Authority; (k) — Authorityi~1 (k))?

distan(:e_Hu’br-\/é‘_,1 (Hub; (k) —Hub;—1 (k))?
distance=distance_AuthorityScore+distance_ HubScore
end
(3)seeds_Authority=
select max n; authority pages from classified_collection

seeds Hub=select max n, hub pages from classified_collection
H,

§lusw)= ¢, wu—>v intrinsic link

seeds_Authority: R/RTE 5 FEMXM TR S ABE
BEHm MNAERSHTF. NREESNHTFTEEEHNT
EHRNBERKMIES.

seeds_Hub: B 5 EEHEMTES P, POEEEN
n MHIERORT. POERM TESEN T RAN

BRRRAEES, O ERBIHZHMERNT). HP—
MR FEF BT Queue[ 1], A HIEE K seeds_ Authority F#
TFEE, H—NBRELAT] Queue[ 2], AP ITTE N seeds_
Hub #FEE. 251 Queue[ 1], Queue[ 2] /ML,
BEER ., FERESRAT Quenel {19, BB L BRY
URL JRER, 2R J& ## AT %7 NE B B 09 B , SB35 , 3 A DL 5B R BA
5 Queve[i ], KA T XFHEMEP N FEAMHRX
BE T B , TR A R B a4 5 TR .

B RBE L MAR 3 Bk,

giﬁ 3:
Crawl_{irst(G, Seeds_Authority, Seeds_Hub)

Priority _ Queue ¢ priority _ queue data structure) Queuel,

1, wu—v transverse link

,0<le<1,



Queue? //{R 5B
Collection { url-page pairs) collectionl, collection2 //url,

page Xt
Hash_tablevisited_table //B.i}18) url 3%
Queuel<—urls in Seeds_ Authority with url’s priority // Seeds_
Authority # url # ABAF
Queue2<-urls in Seeds_ Hub with url’s priority // Seeds_ Hub
¥ url 48 A BAF1
Thread[i]: //iis 1 or 2
while Queue[i] is not empty and crawl _num[i]<CMAX _
CRAWLING_PAGE

do

crawl_url<—url in Queue[i] but not in the visited_table

visited_table<crawl_url

PAGE<{fetch_page (crawl_url)

Collection[ i J«—store (crawl_url, PAGE)

Queue=<—urls in PAGE but not in collection] and Quequeli] //

WM ERBA
crawl_num[i}+-+
end
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