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Abstract Semantic annotation plays a significant role in Semantic Web research, There are many annotation methods
for unstructured documents today. However, none of them takes notice of the fact that the knowledge locates in docu-
ments sparsely,and few of them make use of the structure of a document effectively, which results in that they cannot
annotate document well in case that the quality of the document is poor. In this paper,we proposed a Semantic Annota-
tion Method based on Sparse Coding(SAMSC) for unstructured data. This method starts from initiation by identifying
some semantics described in documents by ontology; secondly, in order to determine the correlation between a document
and a semantic topic described in ontology, it resolves the paragraph structure and topics of the document iteratively; fi-
nally, this method annotates the documents in the global range of all documents by minimizing loss function, The experi-

ment results demonstrate the performance of this method annotates unstructured documents well in the Web automati-

cally and effectively. Also,it annotates low quality documents better than other methods.
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Input: D for m Documents,®
Output: optimized @,y,E
1. Initialization; Randomize E;

2. Normalize E;

3. repeat

4 for each document do

5 repeat

6. optimize ¥ by equation(7);
7. if y>1 then

8 r=1;

9 break;

10. end;

11. until converged;

12. while not converged do
13. optimize ® by equation(10);
14, if 1 then

15. =1;

16. break;

17, end;

18. end

19. end

20.  repeat

21. optimize E by equation(11);

22.  until converged;
23. until ¢ round;
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