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Multi-objective Particle Swarm Optimizer Based on Adaptive Crowding Grid
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Multi-Objective Particle Swarm Optimizers(MOPSOs) easily converge to a false Pareto front(i. e. , the equi-
valent of a local optimum in single objective optimization) ,and converge slowly. So, we proposed a multi-objective PSQ
based on adaptive crowding grid(ACG-MOPSO for short). The proposed algorithem has the following characteristic: a-
daptive crowding grid was used to define the diversity of particles in the external archive to keep the size of the external
archive, and the global best particle was assigned by the informations of density and crowding distance to improve the

probability of flying to Pareto front. Simulation results show that the ACG-MOPSQO algorithm is able to find better so-
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lutions compared with other algorithms.
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If pbest; dominates x; then count=-count-+1

Else if x; dominates pbest; then pbest;=x;

Else if pbest; and z; are nondominated with each other

If rand<<0. 5, pbest; = x; , Else count=count+1 End
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Initialize positions and associated velocities of all particles
While( fitcount<Max_FES) & & (k<literation)

Construct adaptive crowding grid

For each particle(z=1:ps)

Select an exemplar from external archive
Update pbest, velocity and position
Evaluate the fitness values of the current particle

End for

End while
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