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Applying Temporal Features of Social Tags to Tag Predication
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Abstract Tag is a kind of description of Web resources generated by users,and it represents the semantics of resources
and interests of users. Because the Web resources are dynamic, tags show some temporal features. However, few resear-
ches are concentrated on temporal features of tags, The temporal features represented by tags dataset were analyzed in
this paper,and the semantic relations between tags based temporal features were discussed. The principle of time seg-
mentation for discovering temporal features was proposed,and the effect of tags temporal on topics was analyzed by sta-
tistical topic model. The discovered temporal features were used in tags predication. The experiments based on different
datasets shows that applying tags temporal feature to tags predication can improve the predication performance.
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BEENE FEKE FEKE BERHK
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2010. 4 61,000 136,000  #t Delicious RSS Feed B # 3B
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Ipod gui i Inhone Jobs itouch Osx tips software Osx tips software
laptop &u 'p Itunes support google google
Laptop Chinese lvm
software . Css3
software webkit
Facebook
Facebook Facebook Facebook so:i(;elm edia
Web gmail socialmedia socialmedia image Facebook socialmedia
Validation Web2, 0 Web2. 0 & Marketing twitter social
FH 3 il Blog; Blog; Blogs Trends privacy
gmail ogs s .
. ) . Social post:
(Facebook) NULL socialmedia Social Social posts :‘Zv?:: s google+
Web2. 0 posts Google . How to fanpage
. Howto online ..
Blogs Google Howto online , advertising
. , Twitter
Howto Howto online Twitter )
Join
Network
Network sysadmin Network dmi Network Wifi hardware
security © (s)ecu;?’tsa n Social socialmedia Network wifi wireless Network wifi wireless
firewall solaris firewall }1’ i Wifi Web2. 0 Linux android tools Linux android tools
EH 4 Monitoring lf’[v;flit;; ars hardware Bandwidth Utility security privacy Utility security privacy
(network) Bind Unix ne Game programming Myspace Hardware 802. 11n Hardware 802, 11n
unix I Tutorial Security Free opensource Free opensource
Ip P Security Howto Howto game Howto game
opensource .
opensource opensource Programming
game

+ 182 -



BR T hr s £ R AR AL, B AR A B tH BUBR A — i
B X a2 B TR E KR Ll 2008 4 10 A E 2010
4 4 A gt a] X (A, B 5 43BN T B RD R R S L i b 45 A3
R, AR H BURR , R R EHAT 7R L
AE S ERALER, W iE S AR AR B AR R — AR A
T xS R RS TN REHRAAERENSE

015
] #4014 * °§;’
3 013 ¥ o
| X 012 015

® 01l B n

= o = 05

) 5 10015 20 2B 0g 5 15 20 5
Bt 1Al B[]

(a) R4 “twitter” BALREE (b) $74* Valentine” 5 fL s #5
B BMRENELESE

5.3 HISHEMNRERULERNAKIN

BB USRS A B IS RE 0 SOCEK R ER IR
B , A SO I LIAR B Bl D i 4 , Sl T AR A 1] 8 X
RIS PR A8 TR 45 R R0, R I8 T S BR AN S AR AIE Ay AR 45 ]
KERINLEME . SCIRLO JEARE BT SAHMERELL T . 1
T LDA AR FHra il bR, IR R TN ER, &
SCRBH i — 25 S i A B S BT I S R s, K
FER EHE TR LIRS EEES, UINEE SN
WAEZ O 9: 1 W Lol 20 B %o 4 A $U 48 58 BE AT REAL 4081, XF
TRER AR (AR BB BEDLIESE A 3~5 N VISP B
BB BB 1L JGibbsLDA T 4h B8 B4R 4 SO TE 85 H
WA Z M LDA BRI 4. 1 HHTIR ) LDA BiHY
X3 v AR HEAT T L o I AR B 5 SR 1
EEATMRBRAER . R—FEAGEREEAHXERER
HUE X max(corry (tag: stag;,t) scorn (tag: stag; 1)), KL
WIESCHRPRB AL, e AR : 7R R
1H o, 535 22 S0y LDA AL S 4580473515 8 /9 LDA
BRI FATIR S T, 45 R0 K 3 B A,

£3 BETWERLE

precision recall {-Measure
LR B ASE+ Bt A AR+ Bt AR AE+
LDA LDA LDA LDA LDA LDA

0.01 0. 681 0. 693 0,194 0.189 0. 302 0, 297
0. 005 0. 617 0. 624 0. 269 0,272 0. 375 0.379
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