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Abstract Firstly, based on computing two furthest points from the current center at each iteration,a(1-+¢)- approxi-
mation algorithm was proposed for solving the minimum enclosing ball problem of 7 points in n dimensions. The algo-
rithm returns a core set of size O(1/e)and achieves an O(mn/e) time complexity for a given ¢€ (0,1). Secondly,an ac-
tive set strategy was presented, which computes N furthest points from the current center at each iteration. By incorpo-
rating this strategy into the proposed algorithm, an algorithm based on active set strategy was obtained. Finally, the ex-
periment results show that the algorithm based on active set strategy can quickly and effectively solve approximate min-

imum enclosing ball of the large-scale date sets with m>n.
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