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Link Prediction in Networks with Node Attributes Based on Space Mapping
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Abstract A link prediction algorithm in networks with node attributes based on space mapping was proposed in this
paper. In general, networks with node attributes have two types of information,i. e. topology and node attributes. To in-
tegrate these two types of information, we mapped them into a new space, After information being mapped, similarities
between nodes were calculated in the new space, which are used to predict the possibility of links between nodes, Alter-
native iteration method was proposed to get the optimal mapping matrix, so as to integrate topology information and

node attribute information effectively. The experimental results verify the correctness of space mapping approach, and

show that the proposed space mapping based algorithm can obtain high quality prediction results.
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AHN 2262 3581 1688 252/472 0. 0032 0. 7525 0, 212 3.166
UCGA 940 1699 1290 533/160 0. 0748 0. 5955 0. 147 3.615
CAl 1622 2237 1922 28/522 0. 0023 0. 639 0. 641 2.759
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