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Abstract

ror warning,code complementary, code analysis, version control management, etc. ,to support software development and

Modern integrated development environment (IDE) provides developers with a variety of tools,including er-

improve the developers’ efficiency. However, such tools are deficient,as much more information, such as code sample,
configure manifest, and error handling, is needed during development, and frequently switching between Web browser
and IDE costs time and effort, A Web information resource recommendation method was proposed, which is based on
the analysis of developer’s behavior. The method extracts structured information including code samples from the devel-
opers’ browsing history,and classifies them through text clustering. At the same time, the developer’s behavior in the
IDE was recorded. The relationship between WEB resources and developer’s behavior will be established so that similar
information can be recommended when the same situation happens. At last, an experiments was conducted to demon-
strate that our method can save developing time efficiently.
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