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Abstract Ensemble learning now becomes much popular in the field of machine learning. This paper introduced a new
ensemble algorithm, SER-BagBoosting Trees ensemble algorithm, which was a combination of tree predictors and was
based on variational similarity cluster technology and greedy method, and it was also combined with the features of

Boosting and Bagging. Compared with a series of other learning algorithms, it often has better generalization ability and

higher efficiency.
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CART 0. 819 0. 746

Boosting 0. 887 0. 859

Boston Housing Bagging 0. 864 0. 838
Random Forest 0. 944 0. 892
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SER-BagBoosting Trees 0. 643 0.572

£kiE A H A SER-BagBoosting Trees H 3] LU
EER—FRENHEREIBL. ER—MWEET Boosting
M Bagging k& A S A ABRBHEAR MR BB X IT1E
FUHERNEIBEE, NSRETRE, EX—LREN L
HEAL TR .4 Bagging #1 Boosting B % , 5 Random Forest
B hERHA.

8 % X M

[1] Zhou Z H,Wn ], Tang W. Ensembling neural networks: Many
could be better than all[J]. Artificial Intelligence, 2002,137(1/
2):239-263

[2] Breiman L. Bagging predictors[ ]J]. Machine Learning, 1996, 24
(2).:123-140

[3] Breiman L. Random forests[ ] ]. Machine Learning,2001,45(1),
5-32

[4] Breiman L. Arcing the edge[J1. The Annals of Statistics, 1998,
26(3).:801-823

[5] Schapire R E,Freund Y, Bartlett P, et al. Boosting the margin:a
new explanation for the effectiveness of voting methods{ J]. The
Annals of Statistics,1998,26(5):1651-1686

(6] Dettling M. BagBoosting for tumor classification with gene ex-
pression data[ J . Bioinformatics, 2004(20) ; 3583-3593

(L% 156 )
HRHBEABXAGH.

22 XM

(11 5%, 7THkk, T4 BT RBHMNMAYESITE Web A4
FWFR ()], EICHEE K2 W A RB ¥R, 2007,19(2) . 234-
237

(2] @R TEA. 5. ETUMETEN Web B SRR T EH
R[I]. ERER e BT - B RPHFERR, 2006,18(5):646-649

[3] Pyle D. Data Preparation for Data Mining[ M]. San Francisco,
CA: Morgan Kaufmann Publishers Inc,1999:540

[4] Cooley R, Mobasher B, Srivastava J. Data Preparation for Mi-
ning World Wide Web Browsing Patterns [J]. Journal of Know-
ledge and Information Systems,1999,1(1).:32-57

(5] RFTLXNEE,BE. LT R Web Service K Web i IR
FBgt ()] EKHRE K224 . B R BH2E IR, 2008, 20(6) ; 746-
748

« 210 -

[6] Marquardt C, Becker K,Ruiz D. A pre-processing tool for Web
usage mining in the distance education domain[ C]//Proceedings
of the International Engineering and Applications Symposium .
(IDEAS’04)

[7] W.W.W. consortium. The Common Log File Format [EB/
OL). http: / www. w3. org/Daemon/User/Config/Logging. ht-
mlJHJ common-logfile-format, 1995

[8] BEH.TFHE —FET Web BB XAMNEBERFED.
HEHLRL R, 2004,24(6);57-59

[9] Catledge L,Pitkow J. Characterizing Browsing Behaviors on the
World Wide Web[J]. Computer Networks and ISDN Systems,
1995,27(6)

[10] Chen M S, ParkJ S, YuP S. Efficient Data Mining for Path
Traversal Patterns[ ] ]. IEEE Transaction on Knowledge and Da-
ta Engineering,1998,10(2) . 209-221

[11] %k z. —FAERNSERRE R ] BRI ERER:
BRI, 2008,22(6)  115-117



