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Speech Endpoint Detection Algorithm Based on Sub-band Energy-entropy-ratio

ZHANG Yi WANG Ke-jia XIBing YAN Bo
(Chongqing Information Accessibility and Service Robot Technology Research Center, Chongqing 400065, China)

Abstract It is an important step of speech recognition process to identify accurately the speech endpoint., Under the en-
vironment with low SNR, in order to enhance the discrimination of noise better and improve the accuracy of speech end-
point detection system, this paper proposesd a new type of speech endpoint detection algorithm based on sub-band ener-
gy-entropy-ratio. The proposed algorithm takes the ratio of short-time sub-band energy and sub-band spectral entropy
as an important parameter of endpoint detection,and sets the threshold to speech endpoint detection. Experiments show
that the algorithm is fast and efficient,and it also has strong robustness and can detect the voice endpoint under lower
SNR accurately.
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