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A Grid-based Subspace Clustering Algorithm for High-dimensional Data Streams

SUN Yu-Fen LU Yan-Sheng
(Computer Department of Huazhong University of Science and Technology, Wuhan 430074)

Abstract Based on the analysis of grid-based clustering algorithms, we propose a subspace clustering algorithm that
can find clusters in different subspaces for high-dimensional data streams. The algorithm combines the advantages of
bottom-up grid-based method and top-down grid-based method. A uniformly partitioned grid data structure is used to
summarize the data stream online, A top-down grid partition method is used o find the subspaces in which clusters lo-
cate, Theory analysis and performance study with real datasets and synthetic dataset demonstrate the efficiency and ef-

fectiveness of our proposed algorithm.
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