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Study on Money-Laundering Detection System and a Key Algorithm
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Abstract At present, anti-money laundering has become a hot topic of the entire world. From the point of view of
technique, this paper discusses a money-laundering detection system for administration of foreign exchange and one of
its key algorithms, It first gives the framework of the system, which is the first anti-money laundering system of our
nation, And then it proposes an SCT(Semantic Core Tree)-based incremental conceptual clustering algorithm, The al-
gorithm could solve the problems of 1) large volume of data set; 2) mixture of categorical and numerical data; 3) easy
understanding of result. The algorithm has been employed in the money laundering detection system.
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