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Rapid Association Rules Mining Algorithm Based on Decision Tree
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Abstract In this paper, the issue of mining association rules is discussed deeply. A new mining algorithm,Rapid Rules
Mining Algorithm based on Decision Tree, RABDT is proposed, after summarizing the advantage and disadvantage of

current mining association rules algorithms. The principle and steps of RABDT are given with constructing a decision

tree,and a contrast test shows that RABDT is far rapid and effective.
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