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Image Segmentation of Quantum Evolutionary Programming-based Kernel Clustering Algorithm

GOU Shui-ping  JIAO Li-cheng TIAN Xiao-lin
(Institute of Intelligent Information Processing, Xidian University, Xi’an 710071, China)

Abstract Quantum computation was introduced into fuzzy clustering based on its parallel character, the simplism and univer-
sality. So a new kernel clustering algorithm based quantum evolutionary programming is put forward. The method simulates
quantum collapse and qubit probability characterization to describe many possible linear splice states. Compared with the tradi-
tional evolutionary algorithm, it has better population diversity. The algorithm is used to optimize the kernel fuzzy clustering and
it can converge faster and provide global optimal searching ability. Simulation results for the Brodatz texture images and SAR

images segmentation show the method can improve the segmentation performance.
Keywords Quantum computation, Evolutionary programming,Kernel clustering algorithm, Images segmentation
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