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Choosing Stocks Based on Similarity Measure of Vague Set
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Abstract It is a real problem that choosing stocks with the value of investment from a stock market for stock market
investors. Correspondingly, the ‘investment ideas with value found would like to meet the scientific choosing stocks
method urgently. In this paper,a new choosing stocks method for value stocks investment is proposed by using similari-
ty measure of vague set, At first, the evaluation system for value stocks investment is constructed by betaking the vague
core. The second, those stocks with the target expected are selected through using the similarity measure of vague set

that is proposed by the author. The choosing stocks method has practical and immediate significance to the stock market

investor.
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