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Research on Self-adaptive Float Evolution Algorithm Based on DE
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Abstract  Since Differential Evolution (DE) was proposed by researchers, it was the focus in evolution computation re-
search. There are better search performance, stronger robustness and higher perturbation property in DE. But in impro-
ving the performance of algorithm and running quality,extending evolution algorithm application to engineering optimi-
zation, float code is superior to other codes, In this paper,DE was combined with float code evolution computation, self-
adaptive float evolution algorithms based on differential evolution (SFEADE) were proposed. Through analyzing and
experiment, the result indicated the algorithm was credible in performance and feasible in method. It was stronger in
practicability,
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