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A Method of Reducing Features Based on Orthogonal Transforming in Text Classification
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(Institute of Sciences!, Institute of Command Automation?, PLAUST, Nanjing 210007,China)

Abstract Discuss a method of reducing the text features based on orthogonal transforming. Then, we analyze the
characteristic about feature selection and feature extraction. In virtue of decomposing the matrix, we demonstrate the

principle and the theory foundation about the reduce of dimensions based on Fisher. We discuss the relation of PCA and

SVD. The test shows that this method has a better precision in the text categorization.

Keywords Text classification, Feature extraction, Feature selection, Orthogonal transforming, SVD
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