| gog httg://www.cgvip.coml

HEHLEL 22003 Vol. 30N, 2

FEARHK B R FRESRY SVM 25

Bk =451F
(EBA¥ERBEARAERZREHATH T KiL1529020)

SVM Model with Unequal Sample Number Between Classes

X1AO Jian-Hua

WU Jin-Pei

(Institute of Intelligent Technology & Systems,Wuyi University.Jiangmen 529020)

Abstract

The paper briefly introduces the principle of SVM in sorting first. Then using normal distribution as an ex-

ample,the paper points out that the SVM can not get excellent sorting ability when the sample numbers of different
class are different greatly. A method has been designed to compute the penalty parameter to error samples. On the
basis of different penalty parameter an advanced SVM algorithm has been developed. Two simulated examples show

the new algorithm is feasible.
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