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Mobile User Behavior Recognition Based on Compressed Sensing

SONG Hui WANG Zhong-min

(School of Computer Science and Technology, Xi’an University of Posts and Telecommunications, Xi’an 710121, China)
Abstract To increase the recognition accuracy of mobile users’ behaviors, a compressed sensing based recognition
method was proposed, which is able to recognize behaviors from raw acceleration data or compressed acceleration data.
According to the theory that an over-comprehensive dictionary is able to reconstruct data, an over-comprehensive dic-
tionary is constructed by raw acceleration data from three-axis accelerometer firstly,and then to calculate the sparse co-
efficient for samples to be tested by solving the minimum /; norm. At last, residual values are calculated according to the
behaviors and the minimum one is selected as the indicator to obtain the classification results. Experiment results show
that by using this method the recognition accuracy can reach to 82. 64% , which is higher than the recognition accuracy

by using traditional recognition algorithms. At the same time, the recognition accuracy for the compressed acceleration

data is also satisfied.
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