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Abstract

User adaptation is a critical and important problem. For users’ specialization, such as Handwriting, Voice,

Drawing Styles, the system is hard to adapt to all users. SVM-based incremental learning can find the most basic fea-

ture of different users and cast away the special user’s character, so this method can adapt the different users without

over fitting. In this paper, the repetitive learning strategy and other two incremental learning algorithms are presented

for comparison. Based on theoretical analysis and experimental results, we draw the conclusion that SVM-based incre-

mental learning can solve the user conflict problem.
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Algorithm 1: Syed et al.’s Algorithm
Step 1. '=Train(1S) WS=1S,.;
Step 2. WS=WSNINS;

Step 3. '=Train(WS) ,WS=WSsv.

Algorithm 2:Xiao et al. ’s Algorithm

Step 1. F=Train(1S) \WS=18,,sBS=1S0n-s

Step 2. NS=INS, firsttime=TRUE

Step 3. Classify(NS)oy 'y WS=NS.,.UWS, BS=NS..UBS

Step 4. If p>f then Stop

Step 5. If firsttime then DS = Discard.(BS), BS=BS-DS. first-
time=FALSE

Step 6. '=Train(WS), WS=WS..,,NS=BS, BS=WSpenn

Step 7. Goto Step3
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