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Abstract Data mining is the process of discovering hidden structure or patterns in large quantities of data by using
kinds of analytic tools. The structure or patterns can help decision makers for advantageous actions. This paper intro-
duces the concept of interestingness and reference rules,and uses interestingness to estimate the information included
in rule,and then presents a method for mining exception rules while computing the interestingness according to the
reference rules. Experiments compared with other methods show that the proposed method has the better effects.
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