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Abstract

With the development of network technology, the spread of information on Internet becomes more and

more quick. There are many types of complicated data in the information ocean. How to acquire useful knowledge
quickly from the information ocean is the very difficult. The Text Mining based on Web is the new research field
which can solve the problem effectively. In this paper, we present a structure model of Text Mining and research the
core arithmetic —— Classification arithmetic. We have developed the Text Mining system based on Web and applied
it in the modern long-distance education. This system can automatically classify the text information of education field
which is collected from education site on Internet and help people to browser the important information quickly and

acquire knowledge.
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