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Chaos Particle Swarm Optimization Algorithm
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Abstract Particle swarm optimization is a new stochastic global optimization evolutionary algorithm. In this paper,
the chaotic search is embedded into original particle swarm optimizers. Based on the ergodicity, stochastic property
and regularity of chacs,a new superior individual is reproduced by chaotic searching on the current global best individ-
ual,and a stochastic selected individual from the current “population” is replaced by the new superior individual. The
particle swarm optimization embedded chaotic search quickens the evolution process,and improves the abilities of

seeking the global excellent result and convergence speed and accuracy. The experiment results demonstrate that the

proposed algorithms are superior to original particle swarm optimization algorithms.
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